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Deep learning is a promising technology and seems to be the future of the 
CT stone evaluation
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COMMENT

Computed tomography (CT) is the current gold standard diagnostic imaging exam for urolithiasis 
(1). However, making a CT report is a time-consuming process and requires a specialist. Therefore, an 
automated model of kidney stones detection would help saving health resources. 

The authors of “Deep learning model-assisted detection of kidney stones on computed tomography” 
showed that a convolution-based algorithm, xResNet50, detected kidney stones with accuracy up to 
85.0% for 0-1 cm stones, 89.0% for 1-2 cm stones and 93.0% for > 2 cm stones in CT sagittal section 
compared to experienced radiologists. Not surprisingly, larger stones are easier to detect (1). However, 
the accuracy of this automated model to detect kidney stones seems to be not sufficient to dismiss the 
specialist analysis. Although detection of stones is a good primary objective for an automated model, the 
mere detection of a kidney stone is not enough for clinical application. A complete report of the stone 
features is necessary for the best clinical decision. Also, the automated model algorithm should take in 
consideration CT settings as tube current and window as it impacts measurements of clinically relevant 
stone features such as size and density (2, 3).

However, artificial intelligence is advancing fast. Other authors were able to show good agreement 
of other automated model algorithm with radiologist results for stone size, volume, location, number 
and density (4, 5). Deep learning is a promising technology and seems to be the future of the CT stone 
evaluation.
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