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Abstract Introduction: The detection of the somatosensory response (SR) is an important tool for the neurophysiological 
evaluation in the intra and post-operative period of some vascular and spine surgeries. Particularly, the SR 
identifi cation with a maximum false positive ratio by means of Objective Response Detection (ORD) techniques 
could lead to a less subjective procedure. In this work a novel ORD, the Rice Detector (RD), is presented and 
its theoretical critical value is obtained. Methods: The probability of detection (PD) of RD is assessed for 
different numbers of eletroencephalographic (EEG) signal epochs (M = 30, 60, 120, 240) and signal-to-noise 
ratios (–20 to 10 dB, in steps of 1 dB) by means of simulation. The simulated PD curves (PDc) are compared 
with the theoretical ones and with the PDc of the Magnitude-Squared Coherence (MSC), a well-known ORD 
technique. The performance of RD and MSC are also compared for real EEG data. The comparison is based 
on the DP for estimates calculated with M = 30, 60, 120 and 240 epochs. Results: The results showed that 
the simulated PDc follow the theoretical ones and both the MSC and RD present similar performance, with 
slight advantage for this latter at low M-values. However, for real data, no statistical signifi cant difference 
(proportion test with alpha=0.05) was found between MSC and RD. Conclusion: Both techniques presented 
mean detection rates varying from 70% to 90%, even for intermediate M-value (120 epochs), and can be 
useful for evoked response detection applications.
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Introduction
The detection of the somatosensory response has been 
considered an important tool for the neurophysiological 
evaluation in the intra and post-operative period 
(Achouh et al., 2007). Such responses, usually elicited 
by current pulses, are estimated by averaging a 
number of electroencephalogram (EEG) epochs, 
synchronized with the stimulation, and present 
characteristic waves. The amplitude and latency 
(time of occurrence referenced to the stimulus) of 
these waves are, then, assessed by visual inspection, 
which is clearly a subjective method. Alternatively, 
Objective Response Detection (ORD) techniques 
have been investigated in order to overcome this 
limitation (see Melges et al. (2012a) for a review 
about frequency-domain ORD techniques). Such 
techniques are based on statistical tests and, therefore, 
allow inferring about the sensorial response occurrence 
with a previously established significance level (false 
positives). One of the univariate frequency-domain 
ORD techniques with most promising results in the 
somatosensory response detection is the Magnitude-
Squared Coherence (MSC) (Melges et al., 2008; 2011). 
The univariate techniques are, in general, easier to 
apply for both clinical and surgical monitoring, since 
they allow a more compact acquisition apparatus, by 
recording only one EEG derivation.

In this work, a novel univariate frequency-domain 
ORD technique based on the Rice Distribution is 
proposed, its analytical critical values are calculated 
and the theoretical probability of detection (PD) curves 
are obtained, by simulation, for different M-number 
of EEG epochs (30, 60, 120 and 240) and different 
signal-to-noise ratios (–20 to 10 dB, with 1 dB steps). 
The simulated PD values are also obtained and 
compared with those simulated for MSC. Finally, 
the detection performances for both techniques are 
also compared for real EEG signals.

Rice Detector (RD)

Theoretical background: objective response 
detection technique

The ORD approach usually defines a statistical metrics 
(for instance let us name its independent variable θ) 
capable of distinguishing between the conditions of 
absence and presence of sensorial response. Based on 
the theoretical Probability Density Function (PDF) of 
the adopted metrics, it is possible to calculate θcrit, the 
critical value for the no-stimulation condition. Once the 
critical value is known, H0 (the absence of response 
hypothesis) should be rejected if the estimated value 
of the metrics θ̂  exceeds θcrit. The frequency-domain 

ORD techniques usually employ parameters from the 
Fourier Transformed EEG epochs.

Definition of a novel statistical metrics
Assuming the EEG signal in the no-stimulation 
condition, x(t), to have a zero-mean Gaussian 
distribution with variance 2σt , then the real 
(a = Re(X( f ))) and imaginary (b = Im(X( f ))) parts 
of its Fourier transform X( f ) will also follow a 
zero-mean Gaussian distribution but with variance 

2 2 2σ = σtL , where L is the number of samples used 
in the X( f ) calculation. Hence, the square of both 
real and imaginary parts (Re2(X( f )) and Im2(X( f ))) 
would be related to chi-squared distributions with 
1 degree of freedom ( 2

1χ ) each. By summing these 
parcels r2 = a2+b2 would, hence, lead to a chi-squared 
with 2 degrees of freedom ( 2

2χ ).
Hence, by calculating the square root of r2, one 

can obtain the Euclidian distance between the ordinate 
pair (Re(X( f )),Im(X( f ))) and the origin (0,0) of the 
Argand-Gauss plan. The PDF of a circular bivariate 
Gaussian random variable, such as 2 2= +r a b , for 
any expected value of a and b, respectively, µa and µb 
(null for H0), can be given by the Rice Distribution 
(Rice, 1944; 1948):

( )
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where y is the PDF parameter, 2 2ν = µ + µa b , and I0 
corresponds to the Bessel modified function of the 
first type and with 0 order.

Null hypothesis and critical value
By assuming that there is no response to sensory 
stimulation, we can establish the null hypothesis H0 
of “response absence”, that is ν = 0 in (1). For this 
particular case that I0(0) = 1, expression (1) could be 
simplified and the PDF is reduced to the Rayleigh 
distribution (White, 1975) as:

2
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Figure 1, illustrates this PDF for different variance 
values.

For practical purposes, the response to sensorial 
stimuli, such as auditory or somatosensory presents 
amplitude many times lower than the spontaneous 
EEG; hence, it is usual to apply a series of stimuli 
and windowing the EEG signal synchronized with 
stimulation to obtain a detector. In this case, it would 
be more convenient to calculate the mean Euclidian 
distance:
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where Xi( f ) is the Fourier Transform of the i-th EEG 
epoch (window). By using the known results for mean, 
variance and cumulative density function (CDF) of 
the Rayleigh distribution, one can calculate these 
parameters for the new metrics (White, 1975) as:

2

2mr M
πσµ = 	 (4)
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−πσ = σ 	 (5)
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It is possible to calculate the critical values for rm 
by equaling expression (6) to the detection probability 
(1-α):
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where α is the significance level of the statistical test 
(maximum false positive rate), and M is the number 
of EEG epochs.

Rearranging expression (7) leads to:

( )22 ln 1
critmr M

σ α
= 	 (8)

Expression (8) highlights that the critical value 
for rm depends on the signal variance. For this reason, 
in order to obtain a detector that is independent of 
this value, which is, a priori unknown, the statistics 
metrics can be redefined as: 

ˆ( ) mf rζ = σ 	 (9)

and it will be named Rice Detector (RD) in this 
work. Thus, its critical value is a function only of 
the significance level (α) and number of epochs (M):

( )2ln 1ˆ α
ζ = =σ

critm
crit

r
M 	 (10)

The detection is, therefore, assumed based on 
the null hypothesis (H0) rejection, when the estimate 
values exceed the critical value ( )ˆ ˆ( ) .critfζ > ζ  

Power of the Statistical Test (PST)
When the response to the sensorial stimulation is 
assumed, that is, ν ≠ 0 in expression (1), one can 
calculate the detection probability (or the power of 
the statistical test – PST) for pre-defined values of 
significance (α), number of epochs (M) and signal-to-
noise ratio (SNR) values. The PST, which consists of 
the probability of rejecting H0 when there is response 
to stimulation, can be calculated from the Rice CDF 
(Rice, 1944):

, ,( ) 1 1ν = −   σ σ
ycdf r Q 	 (11)

where Q corresponds to the Marcum Q function 
(Shnidman, 1989). Denoting 1, , ,1 ,ν ν   =      σ σ σ σ

y yQ Q  

and using M epochs, the power of the test (P) can 
be expressed by:
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Since the signal-to-noise ratio is given by the 
ratio between the square of 2 2ν = µ + µa b and the 
noise variance ( )2 2SNR = ν σ , the expression (12) 
can be simplified to:

( )1 , 2ln 1P Q M SNR 
  = α 	 (13)

From expression (13), it is possible to calculate 
the detection probability for different values of M, 
significance α and SNR.

The Magnitude-Squared Coherence (MSC)
The MSC is a frequency-domain ORD technique 
that can be interpreted as the power of the collected 
EEG that is due to the stimulation. For the case in 
which the stimulation is periodic and the EEG signal 
is discrete-time, finite-duration and windowed, the 
MSC can be estimated as (Melges et al., 2008):
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Figure 1. Probability Density Functions for the Rayleigh distribution 
(Rice distribution for ν = 0) with σ = 0.2, 0.4, 0.6, 0.8, 1.0 and 2.0.
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where “^” denotes estimation, Xi( f ) is the Fourier 
Transform of the i-th EEG epoch and M is the number 
of epochs employed in the calculation.

The analytical critical values for the MSC can be 
obtained as described in (Dobie and Wilson, 1993; 
Miranda de Sá and Infantosi, 2007):

1
2 1ˆ 1 M
crit

−κ = − α 	 (15)

where α is the significance level.
Similarly, the detection is reached with the null 

hypothesis rejection, for estimate values exceeding 
the critical ones ( )2 2ˆ ˆ( ) .κ > κcritf

Methods

Simulated signals
The theoretical critical values for the Rice Detector 
(RD) were calculated according to the expression 
(10), by using different values of epochs M (30, 60, 
120 e 240) and significance α (from 0.01 to 0.05, 
with steps of 0.01). Such critical values constitute 
the detection thresholds for response identification.

Then, the signals were simulated for the same 
values of M epochs (30, 60, 120 e 240) and 31 
signal-to-noise ratio values (SNR varying from –20 
to 10 dB, with steps of 1 dB). For each combination 
M-SNR, 10000 complex numbers were generated 
(mimicking the Fourier Transformed EEG epochs Xi( f ), 
as described in the Theoretical Background). These 
numbers were generated with the real and imaginary 
parts following zero-mean Gaussian distributions with 
unit variance. The mean Euclidian distance (rm) of 
each one of 10000 values for each pair M-SNR was 
calculated (estimate of ν) and divided by the standard 
deviation estimates.

The estimated values of RD were compared with 
the critical values previously calculated for α = 0.05 
and 0.01. The detection is defined when the estimated 
value exceeds the respective critical value and the 
detection probability is obtained by the number 
of detections divided by the number of simulated 
signals (10000).

The detection rate values for the simulated signals 
were then compared with the theoretical detection 
probability values obtained with the expression (13).

Finally, the performance of the proposed technique 
was compared with the MSC by means of simulated 
curves of detection probability. The same set of signals 
was used for the evaluation of both techniques.

EEG acquisition and stimulation
EEG signals were collected during somatosensory 
stimulation from forty-five adult volunteers without 
history of neurological diseases. The signals were 

recorded according to the 10-20 International System 
at 600 Hz (16 bits resolution) using the BNT-36 EEG 
amplifier (EMSA, Brazil, www.emsamed.com.br). 
All derivations were reference to the earlobe average. 
The stimulation was applied to the right posterior 
tibial nerve at the frequency of 5 Hz and at the motor 
threshold intensity level. Further details about the 
experimental protocol and signal acquisition were 
described in (Melges et al., 2011). The local ethics 
committee (CEP-HUCFF/UFRJ) approved this research 
and all volunteers gave written informed consent to 
participate.

Pre-processing

The EEG signals were filtered (band-pass from 0.5 Hz 
to 100 Hz) and segmented into windows with one 
inter-stimulus duration, 207 ms, leading to a spectral 
resolution of 4.8 Hz. The samples corresponding to 
the first 5 ms post-stimulus were zeroed in order to 
avoid the stimulus artifact, which produces distortions 
in the frequency domain and interfere in the ORD 
analysis. Similar procedure was applied to the last 
5 ms for window symmetry maintenance. Moreover, a 
Tukey window with rising (and falling) time of 7 ms 
was employed to minimize spectral leakage. Epochs 
with high amplitude artifacts were discarded by an 
algorithm described in Infantosi et al. (2006).

Comparison between ORD techniques
2 2,ˆ ˆ ˆ ˆ( ), ( ),crit critf fζ ζ κ κ crit were calculated using 

expressions (9), (10), (14) and (15) respectively, 
with M = 240, 120, 60 and 30 epochs and α = 5%. 
Following, the number of volunteers for which 
the stimulation response was detected (detection 
percentage - DP) was determined for each frequency 
from 5 to 100 Hz and each technique. Moreover, the 
mean detection rate (MDR) within the low gamma 
band (30-55 Hz) was calculated for both techniques 
and 7 disjoint sets of M = 100 epochs in order to 
assess the detector behavior along the experiment. 
The DP and MDR were compared by means of the 
Proportion Test to verify whether there was significant 
difference between the MSC and RD performances.

Results
The critical values for the Rice Detector (RD) 
calculated with expression (10) are showed in Figure 2. 
As it can be seen, the values decrease with the increase 
of the number of epochs (M). The same is verified for 
the increase of the significance level (α).

Figure 3a shows that the theoretical and simulated 
detection probability values for RD for the significance 
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level α = 0.05, are almost overlapped. The same is 
verified for α = 0.01 (Figure 3b).

By comparing the detection probabilities between 
RD and MSC for α = 0.05 (Figure 4a) and α = 0.01 
(Figure 4b), a slight advantage for DR is noticed 

only for M = 30. The performance is similar for 
higher M-values.

The detection percentages (DP) for both techniques 
calculated for the 5% significance level and M = 240 
epochs are showed in Figure 5a. As it can be seen, 
both MSC and RD presented detection higher than 
80% in the frequency band from 30 to 40 Hz. Hence, 
the gamma band is highlighted as the best for the 
somatosensory response identification. However, no 
significant difference was observed for any frequency.

When M is reduced to 120 epochs (Figure 5b), 
the detection rates vary from 69 to 87% for the same 
frequency band. Significant statistical differences 
are only noted at 10, 15 and 95 Hz, which present 
very low rates for both techniques. For the estimates 
calculated with M = 60 (Figure 5c), significant 
statistical differences are only found for 15, 25 and 
30 Hz, frequencies for which the detection is also poor, 
confirming the performance similarity between the 
techniques. Using M = 30 epochs (Figure 5d), only 
RD for 50 Hz achieved percentage higher than 55%.

Figure 5a illustrates the time evolution of the mean 
detection rate (5 disjoint sets of M = 120 epochs) 

Figure 2. Critical values for V for different values of M epochs and 
significance level a.

Figure 3. Comparison between the theoretical and simulated detection 
probability values obtained for a) a = 0.05 and b) a = 0.01.

Figure 4. Comparison between the detection probabilities obtained 
by simulation for RD and MSC with significance level a) a = 0.05 
and b) a = 0.01.
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in the frequency band from 30 to 55 Hz (28.99 to 
53.14 Hz), where a similarity between the MSC and 
RD performances (varying from 70 to 74%) is noted. 
For 10 disjoint groups of 50 epochs (Figure 5b), the 
equivalence between the techniques is also evidenced. 
The proportion test did not show any statistically 
significant difference between the techniques.

Discussion
This work proposes a novel frequency-domain 
technique for objective response detection. This 
method is based on the Rice distribution, from which 
the theoretical critical values were derived. These 
values constitute detection thresholds for sensorial 
stimulus response identification.

Moreover, the detection probability curves 
(DPc – power of the test) were obtained analytically 
(theoretical values) and by simulation (simulated 
values) for the Rice Detector (RD) The comparison 
between the theoretical and simulated values showed 
overlapped probability of detection curves (PDc). 
The simulated PDc highlighted the performance 
equivalence for RD and MSC, with slight advantage 
of the proposed method for low values of M epochs.

Usually, the identification of response to the 
stimulation in the shortest time as possible, and, 
therefore, for the lowest M-value as possible, is 
desired. This requirement is particularly critical 

Figure 5. Detection Percentage for MSC and RD calculated with a = 5%. a) M = 240; b) M = 120; c) M = 60; d) 30 epochs. Statistical 
difference between the techniques indicated by (#).

Figure 6. Time evolution of the mean detection rate (in the frequencies 
from 30 to 55 Hz) for MSC and RD. a) 5 disjoint sets of M = 120; 
b) 10 disjoint sets of M = 60. No statistical difference was found 
between the detection percentages.
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for intra-operative monitoring of spine or vascular 
surgeries in order to avoid early and late neurological 
damages caused by mechanical stress, hypotension 
or ischemia.

The application of the investigated techniques 
supposes that the stimulation response is identical 
for all stimuli and that it is uncorrelated with the 
spontaneous EEG. These conditions are not always 
achieved, leading to different detection rates for the 
same number of epochs, as observed for the mean 
detection rates along the experiment.

The results obtained for real signals agree with 
the simulated ones, in which a slight advantage for 
RD over the MSC was observed, particularly for low 
M-values. However, no statistical significant difference 
was found between the RD and MSC performances, 
indicating that these techniques are equivalent and both 
techniques could be employed for sensory response 
detection, with potential clinical and intra-operative 
application, during spine (Smith et al., 2007) and 
vascular (Astarci et al., 2007) surgeries. On the other 
hand, the simulated results showed that RD could 
perform better for higher SNR values, especially 
for low M-values. Thus, would be interesting to 
investigate and compare these techniques for other 
evoked responses such as visual evoked potential 
that usually presents higher SNR.

Moreover, the investigation of multivariate 
extensions of these techniques would allow obtaining 
detectors with higher performances for identification 
of visual (Felix et al., 2007) or somatosensory 
(Melges et al., 2012b) stimulation response. Finally, 
the frequencies with best detection rates were the same 
reported by Infantosi et al. (2006) and Melges et al. 
(2012b), which used uni and multivariate ORD.

Acknowledgements
To the Brazilian research and education agencies, the 
Rio de Janeiro State Research Council (FAPERJ), the 
Minas Gerais State Research Council (FAPEMIG), 
the National Council for Scientific and Technological 
Development (CNPq - Ministry of Science and 
Technology) and CAPES (Ministry of Education) 
for the financial support. We also acknowledge the 
Military Police Central Hospital of Rio de Janeiro 
for providing infrastructure support.

References
Achouh PE, Estrera AL, Miller CC III, Azizzadeh A, Irani 
A, Wegryn TL, Safi HJ. Role of somatosensory evoked 
potentials in predicting outcome during thoracoabdominal 
aortic repair. Annals of Thoracic Surgery. 2007; 84(3):782‑8. 
http://dx.doi.org/10.1016/j.athoracsur.2007.03.066

Astarci P, Guerit JM, Robert A, Elkhoury G, Noirhomme 
P, Rubay J, Lacroix V, Poncelet A, Funker JC, Glineur D, 
Verhelst R. Stump pressure and somatosensory evoked 
potentials for predicting the use of shunt during carotid 
surgery. Annals of Vascular Surgery. 2007; 21(3):312-7. 
http://dx.doi.org/10.1016/j.avsg.2006.07.009

Dobie RA, Wilson MJ. Objective response detection 
in the frequency domain. Electroencephalography and 
Clinical Neurophysiology. 1993; 88(6):516-24. http://dx.doi.
org/10.1016/0168-5597(93)90040-V

Felix LB, Miranda de Sá AMFL, Infantosi AFC, 
Yehia HC. Multivariate objective response detectors 
(MORD): statistical tools for multichannel EEG analysis 
during rhythmic stimulation. Annals of Biomedical 
Engineering. 2007; 35(3):443-52. http://dx.doi.org/10.1007/
s10439-006-9231-4

Infantosi AFC, Melges DB, Tierra-Criollo CJ. Use of 
magnitude-squared coherence to identify the maximum 
driving response band of the somatosensory evoked 
potential. Brazilian Journal of Medical and Biological 
Research. 2006; 39(12):1593-603. http://dx.doi.org/10.1590/
S0100-879X2006001200011

Melges DB, Infantosi AFC, Miranda de Sá AMFL. 
Topographic distribution of the tibial somatosensory evoked 
potential using coherence. Brazilian Journal of Medical and 
Biological Research. 2008; 41(12):1059-66. http://dx.doi.
org/10.1590/S0100-879X2008001200004

Melges DB, Infantosi AFC, Miranda de Sá AMFL. Using 
objective response detection techniques for detecting the tibial 
somatosensory evoked response with different stimulation 
rates. Journal of Neuroscience Methods. 2011; 195(2):255-
60. http://dx.doi.org/10.1016/j.jneumeth.2010.12.003

Melges DB, Miranda de Sá AMFL, Infantosi AFC. Tibial 
nerve somatosensory evoked response detection using uni 
and multivariate coherence. Biomedical Signal Processing 
and Control. 2012a; 7(3):215-20. http://dx.doi.org/10.1016/j.
bspc.2011.05.006

Melges DB, Miranda de Sá AMFL, Infantosi AFC. Frequency-
domain objective response detection techniques applied to 
evoked potentials: A Review. In: Naik GR, editor. Applied 
Biological Engineering - Principles and Practice. Rijeka: 
InTech; 2012b. p. 47-84. http://dx.doi.org/10.5772/36356

Miranda de Sá, AMFL, Infantosi AFC. Evaluating 
the relationship of non-phase locked activities in the 
Electroencephalogram during intermittent stimulation a 
partial coherence-based approach. Medical & Biological 
Engineering & Computing. 2007; 45(7):635-42. http://
dx.doi.org/ 10.1007/s11517-007-0191-0

Rice SO. Mathematical analysis of random noise. Bell 
Systems Technical Journal. 1944; 23(3):282-332.

Rice SO. Statistical properties of a sine wave plus random 
noise. Bell Labs Technical Journal. 1948; 27(Jan):109-57.

Shnidman DA. The calculation of the probability of detection 
and the generalized Marcum Q-Function. IEEE Transactions 
on Information Theory. 1989; IT-35(2):389‑400. http://
dx.doi.org/10.1109/18.32133

Rev. Bras. Eng. Bioméd., v. 29, n. 4, p. 321-328, dez. 2013
Braz. J. Biom. Eng., 29(4), 321-328, Dec. 2013 327



Farina Jr. PD, Melges DB, Infantosi AFC, Miranda de Sá AMFL

Smith PN, Balzer JR, Kahn MH, Davis RA, Crammond D, 
Welch WC, Gerszten P, Sclabassi RJ, Kang JD, Donaldson 
WF. Intraoperative somatosensory evoked potential 
monitoring during anterior cervical discectomy and fusion 
in nonmyelopathic patients - a review of 1,039 cases. The 

Spine Journal. 2007; 7(1):93-87. http://dx.doi.org/10.1016/j.
spinee.2006.04.008

White RG. Distribution and moments of radial error. Nasa 
Thechdocs Collection; 1975.

Authors

Paulo Danilo Farina Júnior*, Antonio Fernando Catelli Infantosi, Antonio Mauricio Ferreira Leite Miranda de Sá 
Programa de Engenharia Biomédica, Instituto Alberto Luiz Coimbra de Pós-Graduação e Pesquisa de Engenharia – COPPE, 
Universidade Federal do Rio de Janeiro – UFRJ, Av. Horácio Macedo, 2030, Prédio do Centro de Tecnologia, Bloco H, Sala 
327, Cidade Universitária, CEP 21941-914, Rio de Janeiro, RJ, Brasil

Danilo Barbosa Melges 
Programa de Pós-graduação em Engenharia Elétrica, Universidade Federal de Minas Gerais – UFMG,  
Av. Antônio Carlos, 6627, CEP 31270-901, Belo Horizonte, MG, Brasil

Rev. Bras. Eng. Bioméd., v. 29, n. 4, p. 321-328, dez. 2013
Braz. J. Biom. Eng., 29(4), 321-328, Dec. 2013328


