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ABSTRACT. The measurement of latent traits within the organizational field such as quality, effectiveness

and learning has been conducted in several formats using a wide variety of quantitative methods, includ-

ing Item Response Theory that consistently increased in organizational studies. The purpose of this article

is to compare the hierarchical and non-hierarchical structures of three multidimensional models of Item

Response Theory, based on the interface quality measurement in e-commerce sites. We compared the mul-

tiple unidimensional, compensatory multidimensional and bifactorial models, and also elaborated and ap-

plied 75 items in a sample of 441 e-commerce websites. As a result, we conducted a discussion of the latent

construct, the quality in e-commerce and its multidimensional configuration to adjust and compare three

multidimensional models.

Keywords: multidimensional Item Response Theory, latent trait, measurement, websites, organizations.

1 INTRODUCTION

The quality of websites is a complex matter and sometimes difficult to be measured directly.

Multiple features should be discussed from various angles that exceed the simple to use inter-
face technical questions, including issues related to aesthetics, reliability, interactivity and other
factors that involve non-technical issues. According to Nielsen (2007), technical issues such as

usability continue to be necessary, but not a sufficient condition that provides the quality de-
manded for a website, in all contexts.
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A variety of scales using various dimensions were suggested to measure the quality of service

within electronic commerce (known as quality of e-service or e-quality). Many of them influ-
enced the quality of the website itself (Bernado et al. 2012).

Existing studies discuss that website quality has a multidimensional construct, yet a consensus
has not been reached on what dimensions are most relevant and what is the multidimensional

nature or configuration (Zeithaml et al., 2002; Parasuraman et al., 2005; Fassnacht & Koese,
2006).

Item Response Theory (IRT) proceeds from the efforts to understand the relations between the
dimensions and the creation of a comparable scale. IRT is composed of a set of probabilistic

models that relate the latent trait of a respondent (θ), something that cannot be directly measured,
to the probability that this responds to an item within a certain category (Lord, 1980).

The application of IRT requires some initial presumptions such as the determination of IRT
model that is suitable to the set of data to be analyzed and the objectives of the study. In general,

the selection of a satisfactory IRT model is based partially on how acceptable the model is to
the data. Whenever the data do not suit the model, the properties of IRT will not be assured,
this could happen in a case of invariance of the parameters in a population study, for instance.

(Hambleton et al., 1991).

Choosing a specific multidimensional model depends mainly on the nature of the latent dimen-
sions, the items and the how they are associated within the test. Different models of Multidimen-
sional Item Response Theory (MIRT) assume different statistical relations between the latent

dimensions and the performance of the respondent (Hartig & Hohler, 2009). Furthermore, it is
important to understand the multidimensional structures involved in an analysis, which are the
relations between latent dimensions and the items and the relations between the latent dimen-

sions and the respondents.

From these structures, emerged the hierarchical multidimensional models that have a general
factor and a specific factor to their superior dimension, and those that are not hierarchical, which
have various dimensions that may or may not be correlated to clarify a general latent trait.

The purpose of this article is to compare three multidimensional models of IRT: hierarchic (bi-

factorial) and non-hierarchical (multiple unidimensional and compensatory multidimensional) to
measure the quality of commercial websites. This approach is justified by the fact that the quality
of websites has been treated as a multidimensional issue and Item Response Theory, both in its

simple unidimensional modeling (e.g. Sijtsma, 2011; Tezza et al., 2001), and its more complex
multidimensional modeling (e.g. Bernini et al., 2014) are presented as capable tools of measur-
ing latent traits, revealing the relations between respondents and the items of a study, to position

them in a single, comparable and valid scale for broader situations, to not depend directly from
the group of respondents, resulting in a better understanding of the relationship between the
dimensions and respondents.

Pesquisa Operacional, Vol. 36(3), 2016
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2 THEORETICAL REFERENCES

2.1 Multidimensional Item Response Theory

The mathematical foundation of IRT is a function that relates the probability of a person re-
sponding to an item in a specific manner to the standing of that person on trait that item is
measuring (Ostini & Nering, 2006). One of the underlying assumptions of IRT is that examinees
are all using the same skill or same composition of multiple skills to respond to each of the items
in a test. When item response data do not satisfy the unidimensionality assumption, Multidi-
mensional Item Response Theory (MIRT) should be used to model the item-examinee interac-
tion. MIRT enables modeling the interaction of items that are capable of discriminating between
levels of several different abilities and examinees that vary in their proficiencies in these abilities
(Ackerman, 1994; Reckase, 2009).

The use of MIRT models to handle measuring problems in large-scale educational evaluation
has been conducted since the early 1990s (Ackerman, 1992; Camilli, 1992; Embretson, 1991;
Glas, 1992; Oshima & Miller, 1992; Reckase & McKinley, 1991). Nevertheless, according to
Adams et al. (1997), Hartig & Höhler (2008), Rauch & Hartig (2010), the application of models
in a practical test outside of the educational (e.g. Levy, 2011) and psychological (e.g. Reise et
al., 2011; Wilson, 2013) fields are relatively rare. Within the organizational context, the appli-
cation of IRT is recent, Tezza et al. (2011) applied the logistical model of two unidimensional
parameters, Birnbaum (1968) measured the usability in commercial websites, Trierweiller et al.
(2013) applied the same model to propose a scale for measuring the disclosure of information of
environmental management practices in Brazilian industries, Bernini et al. (2014) used a multidi-
mensional approach of IRT to investigate the heterogeneity in residents’ reaction to the tourism
industry. Tay et al. (2011) applied a mixed model that considers latent variables of variables
observed to measure union citizenship behavior with years of work experience and gender as
covariates. Rivers et al. (2009) applied IRT to measure employees’ attitude in relation to the
directorate of an organization and its overall communication with them. Other studies, such as
Carter et al. (2011), LaHuis et al. (2011), Nye et al. (2010), Tay & Drasgow (2012) also applied
IRT in the organizational context and Soares (2005) implemented it in socio-economic status
index, demonstrating the viability of this tool as well as its potential in this field.

Depending on the final objectives and the structure of the data, MIRT can be considered a special
case of multi-varied statistical analysis, especially factorial analysis or modeling of structural
equations, or even, as an extension of the unidimensional IRT (Reckase, 2009).

Before presenting the models of MIRT, it is important to understand the multidimensional struc-
tures involved in a test: First, the relationship between latent dimensions and the items and
then, the relationship between the latent dimensions and the respondents. As stated by Adams
et al. (1997) and Hartig & Hohler (2009), the standard of relations between the dimensions and
the items can be defined by a loading matrix with a simple structure (multidimensionality be-
tween the items) or by a structure of complex loading (multidimensionality between each item),
and therefore it varies in complexity. Meanwhile, the standard of the relationship between the
latent dimensions and the ability of the respondent has a compensatory or non-compensatory
interaction.

Pesquisa Operacional, Vol. 36(3), 2016
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Hartig & Hohler (2009) believe that the advantage of models that use the multidimensional struc-

ture between items is that they are less complex than the models that use multidimensionality
within each item and the latent trace can be easily elucidated. Among these models, the estimate
of the latent trace scores provides a simple performance measure of a specific set of items. In

many cases, these measures will be highly correlated, because the items measure the same set
of abilities. Nevertheless, the latent dimensions in the multidimensional model between items
represent the necessary combination of all the abilities required to solve the respective items, re-

gardless of how these abilities need to be integrated. Any overlapping is represented in the latent
correlations. Hence, if the main interest of the study is to obtain descriptive measures of perfor-
mance in areas of a determined content, the models between items are more suitable than the

more complex models such as those of multidimensionality within each item (Hartig & Hohler,
2009).

The distinction between the multidimensionality within each item and between items is illus-
trated in Figure 1.

Multidimensionality between items          Multidimensionality within each item  

Figure 1 – Distinction between the multidimensionality within each item and between items.

Although the type of dimensionality is a basic concept, the distinction between multidimension-
ality between items and within each item is vital to the correct identification of MIRT models
(Babcock, 2009).

From a practical point of view Traditional IRT models assume that the data can be explained

by a single latent trait. However, this restriction makes these models inappropriate for data with
multidimensional structure as shown in Figure 1 (Hambleton & Swaminathan, 1985).

Min (2003) summarizes three different conditions under which the application of the one dimen-
sional model is suitable: (a) the examined capacity and characteristics vary in a dimension as a

presumed model, (b) examining the ability varies only in one dimension even if the tested items
are measuring more than one skill, (c) the ability of the examined capacity is different in multi-
ple dimensions, but all items are measuring the same compound skills. In line with Lin (2008),

Pesquisa Operacional, Vol. 36(3), 2016
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there are other conditions that cannot be classified within these three mentioned and applying

unidimensional models can be problematic. Studies have shown that when the multidimensional
data are modeled based on the unidimensional assumption, measurement errors will increase and
the consequences of the results are problematic (Ansley & Forsyth, 1985; Sireci et al., 1991;

Ackerman, 1994; Reckase, 1995).

Before deciding which is the most appropriate multidimensional structure of IRT it is necessary
to assess the dimensionality of the data set. There are some methods that can be used to make it
possible like restricted information and full information methods.

Soares (2005), states that the restricted information method is the inspection of the eigenvalues

of the tetrachoric correlation matrix. The factor analysis method of full information, instead of
using the eigenvalues tetrachoric correlation matrix, creates a multidimensional model using the
warheads curve (Bock & Aitkin, 1981; Bock et al., 1988), and is therefore an adaptation of

the factor analysis traditional model, that considers the dimensional structure associated with
continuous variables set for dichotomous data as in the following equation:

P(Yi = 1) = P(Xi ≥ γi) = P

⎛
⎝ d∑

j=1

λi jθ j + ei ≥ γi

⎞
⎠ = P

⎛
⎝ei ≥ γi −

d∑
j=1

λi jθ j

⎞
⎠ .

and e ∼ N(0, ψ) with ψ diagonal, it is then that:

P(Yi = 1) =
∞∫

Yi −
∑d

j=1 λi j θ j
σei

e− z2
2√

2π
dz

where σei is the standard deviation of ei .

The structure of the model can be seen as

σei =

√√√√√1 −
d∑

j=1

λ2
i j

Parameterizing (6) in the following:

bi = − γi

σei

ai j = λi j

σei

P(Yi = 1; θ) =
∞∫

bi+∑d
j=1 ai j θ j

e− z2
2√

2π
dz

where bi is the difficulty of the item, and ai j is the specific discriminating of each dimension,
serving as one of the bases for estimation methods of multidimensional models of IRT.

Pesquisa Operacional, Vol. 36(3), 2016
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Reckase (1985) describes the compensatory multidimensional model of two parameters in the

following manner:

P
(
Ui j = 1|−→θ jk, di ,

−→aik
) = e(

∑m
k=1 aik θik +di)

1 + e(
∑m

k=1 aik θik +di)
(1)

where:

Ui j = response of the individual (or website) j to item i (0 or 1);
aik = vector of the parameter of discrimination of the item i in the dimension k;
θ jk = vector of the latent trait of the individual (or website) j in dimension m;

di = scale of the parameter of difficulty of item i.

The exponent of e in the model (1) can be expressed in the following manner:

m∑
k=1

aikθik + di = ai1θ j1 + ai2θ j2 + . . .+ aikθ jk + di (2)

Equation (2) shows that the exponent is a linear function of elements of θ with parameter d as the

ordinate of the origin and the elements of vector a as the parameters of inclination/discrimination.
One of the properties of this model is that the expression represented in the exponent defines a
line in a space of k dimensions that can generate lines of equiprobability, meaning, this mul-

tidimensional form allows the existence of infinite linear combinations that result in the same
exponent, thus generating, the same probability of accuracy. This property confirms the model
of compensatory characteristic.

Gibbons & Hedeker (1992) developed general concepts based on the classic work of Holzinger

& Swineford (1937) and propose the Full-information Bifactorial (FI Bifactorial) model for di-
chotomous data (Li & Rupp, 2011). This model consists of general factors and groups of factors
or of independent dimensions. The model FI Bifactorial assumes the place of a general factor

that involves all the items and two or more groups of factors (or dimensions) corresponding to
specific subgroups (Gibbons et al., 2007).

Mathematically, the FI Bifactorial model considers cases in which for n items, there is a solution
of s factors of which one of the factors is considered a general factor and s−1 is related to groups

or factors. The bifactorial solution restricts each item i to having a different load of zero ai1 over
the primary dimension and a second load (aik , k = 2, . . . s) and not more than one of the s − 1
groups of factors. For four hypothetical items, the standard bifactorial matrix can be represented

in the following (Gibbons & Hedeker, 1992):

∝=

⎡
⎢⎢⎢⎣

∝11 ∝12 0

∝21 ∝22 0
∝31 0 ∝33

∝41 0 ∝43

⎤
⎥⎥⎥⎦ (3)

where the first column of the matrix represents the main factor and the second and third columns
represent the group of specific factors.

Pesquisa Operacional, Vol. 36(3), 2016
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As specified by Seo (2011), the dimensional structure in a bifactorial model is pre-determined

through previous information. Therefore, the bifactorial model is a confirmatory model. In the
perspective of a confirmatory approach, the model allows each item to have loads in a single
general factor and only one specific factor for the group. This particularity reduces the number of

parameters to be estimated and gives the model greater degrees of liberty. In addition, the bifac-
torial model can avoid the problem of estimating inter-factorial correlations, because the general
factor contributes directly to all items, and the factors secondary to the remaining residual infor-

mation after the calculation of the general factor are independent from each other. A particular
quality of this model is the fact that the secondary factors are necessarily orthogonal between
each other and in relation to the general factor (Gibbons & Hedeker, 1992).

For two binaries, the bifactorial model can be defined as a particularization of the compensatory

multidimensional model presented in equation (1). In the case of the bifactorial model, the re-
striction of loading the parameters of discrimination is inserted as it can be seen in equation (4).

P
(
Ui j = 1|θ j g, θ jesk

) = e[(aigθ j g+aiesk θ j esk )−di]

1 + e[(aigθ j g+aiesk θ j esk )−di] (4)

where θ j g is the ability of individual j in the general factor, θ jesk is the ability of the individual
j in the specific factor k, aig represents the parameter of discrimination of item i in the general

factor and aiesk represents the parameter of discrimination of the item i in the specific factor
k and finally, di represents the scale of the parameter of difficulty of the item i referring to
the general dimension and to the specific dimension k. In this model, and in the compensatory

multidimensional model represented in equation (1), the responses are assumed to be statistically
independent.

Gibbons et al. (2007) believe that the FI Bifactorial model is relevant whenever the items share a
common characteristic. The presence of the subgroups of items typically introduces associations

relevant to the test that cannot be verified with total attribution of the loading parameter to the
general factor. In addition, according to the authors, this separation of factors improves the error
of the estimates.

Gibbons & Hedeker (1992) and Gibbons et al. (2009) believe that the restrictions of the bifacto-

rial model presented in matrix (3) lead to a greater simplification of the equations of probability
because they require only the evaluation of the two integral dimensions, which (a) allow analyz-
ing models with a larger number of factors (or dimensions), (b) allow a conditional dependency

between subgroups of identified items, and (c) in many cases provide a more parsimonious so-
lution than the full information item factor analysis due to its lack of restrictions. Gibbons et al.
(2007) extended the bifactorial model to cases of Polytomous Items Response Theory.

Figure 2 contextualizes the FI Bifactorial model within some multidimensional structures.

Model A is the standard unidimensional model in which the covariance between the responses

to the items is explained by a common factor. In model B, the matrix of data contains more
than a common dimension, although the dimensions are not correlated. This is a trivial case of
multidimensionality and it is easy to solve, forming subscales and then separately adjusting to

Pesquisa Operacional, Vol. 36(3), 2016
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the unidimensional models of IRT for each subscale. This is essentially equivalent to assuming

the dimensions as not correlated.

Model A Model B

Model C Model D

Figure 2 – Four possible structures of latent traits. Source: Reise et al. (2007).

Model C also has more than one common factor among the items, although the factors are cor-

related. This representation is characterized as a non-hierarchical multidimensional model.

Finally, model D is a bifactorial model, meaning, there is a general factor, which explains the
correlations between items, but in addition, there are also the called “group” factors (on the right

side of the figure), which are trying to capture the covariance of the items that are independent of
the covariance of the general factor. In other words, it is expressed in terms of quality measure
of websites, it can suppose that the latent trait quality, considering its conceptual amplitude, rep-
resents a general factor explained by other factors (for example, usability, aesthetic, architecture

of information, etc.), thus characterizing a suitability to model D (hierarchic multidimensional,
etc.), therefore, the scope of this concept can lead to its dissolution into correlated subfactors –
Model C (multidimensional non-hierarchical).

Pesquisa Operacional, Vol. 36(3), 2016
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2.2 Quality on the web

Quality is not a new concept in management of information systems. Researchers and profes-
sionals demonstrate that they are aware of the need to improve information systems to react
to external and internal pressure and face the critical challenges for their growth and survival
(Aladwani, 1999; Aladwani & Palvia, 2002).

From the early 1980s until the late 1990s it was possible to find various studies that tried to con-
ceptualize quality in information systems, demonstrating the concern among professionals and
academics to understand and improve these systems. These studies concentrate on conceptualiz-
ing specific topics in this context, such as the quality of management of data (Kaplan et al., 1998;
Wang et al., 1995), quality of information (King & Epstein, 1983; Haga & Zviram, 1994), quality
of software (ISO9126, 1992; Schneidewind, 1992; Kitchenham & Pfleege, 1996), global quality
of the system (Kettinger & Lee, 1994; Nelson, 1996), and others. These studies were much more
focused on the system evaluation, its performance and its relation with specific users.

Since the mid-1990s, with the development and popularization of the Internet, practices and re-
searchers have strived to define quality in the context of the Internet (for example, Barnes &
Vidgen, 2000; Day, 1997; Lindroos, 1997; Xie et al., 1998; Loiacono et al., 2002). Lindroos
(1997) uses the perspective of software quality to discuss differences between web-based infor-
mation systems and conventional information systems. Olsina et al. (1999), proposed a quality
model for university sites, called Website QEM based on user opinions. Barnes & Vidgen (2000),
Loiacono et al. (2002), Parasuraman et al. (2005) and Ding et al. (2011) also developed similar
models more focused on commercial sites. These and various other studies break the quality of
the websites into several attributes. The creation of these models is based mainly on experiences
over many years in development and maintenance of information and web systems. The valida-
tion of these models is made mainly by empiric studies, such as the analysis of data collected
in tests with users, satisfaction surveys and interviews. Nevertheless, different types of infor-
mation systems can have different quality requirements (Worwa & Stanik, 2010). For example,
commercial and personal websites are web-based information systems. However, their quality
requirements are different, mainly in terms of information security and information searching
issues. Thus, any study about the quality issues on the web must have a clear delimitation of the
limits of the analysis given the large scope of the theme.

This study fits into the classification of Cristobal et al. (2007) as a study of website quality and
design. Within this scope, website quality is understood as the quality of an information sys-
tem, in which, according to Loiacono et al. (2002), focuses on information storage, processing,
presentation and transfer.

As a result, the concept of website quality adopted is that of a set of technical and non-technical
characteristics, allowing the user to proceed to create their objectives on a website in an ac-
cessible, efficient and pleasant manner. Technical characteristics are understood as the usabil-
ity/navigability and presentation of information and the accessibility and interactivity of the
system (focus of this study). Non-technical characteristics are understood as design, aesthetics,
visual and commercial appeal, reliability, hedonism and empathy.

Pesquisa Operacional, Vol. 36(3), 2016
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3 METHOD

The methodological procedure used in this work, involved the characterization of the study, the
preparation of the items, data collection and statistical methodology.

In terms of the characterization, the study is predominantly quantitative although it has a qual-

itative exploratory base with the objective of understanding the field of study about quality in
commercial websites and serves as a base for the elaboration of the items in this study.

3.1 Instrument testing

The questionnaire (checklist) has 75 items linked to the quality of websites. The construction of
the items was made by the association of concepts from the analysis of 191 articles collected in a
systematic analysis of literature. For example, some of the recurring concepts were “information

content” associated with “credibility”, “accuracy”, “completeness”, “utility” which is reinforced
by Kim et al. (2005). These concepts associations support the following construction:

– Is there product basic information? (Information content + utility + credibility). The Appendix
shows each item with its reference. The items had their content validated by three expert judges

in the area. These items, although they are objective response items independent from the user
perception, were based on previous studies that used tests with users and or satisfaction studies.

3.2 Data collection

The sample definition used the intentional sampling method, in order to draw a low, medium

and high sample quality of the commercial sites used by Brazilian population. Accordingly, in
addition to sites with the most diverse genres of market products, there was a variety of design
styles, usability, aesthetics and layout contemplating from something relatively primary to overly

demanding, which does not necessarily imply high or low quality, only guarantees diversity, a
precondition of Item Response Theory. There is no consensus on the optimal sample size for
use of item response theory (Downing, 2003; Wongtada & Rice, 2008). The data collection was

conducted on 441 Brazilian commercial websites. 56 out of 75 items were collected manually
and another 19 were collected automatically using the Achecker tool (http://achecker.ca/).

3.3 Analysis and discussion

The statistical analysis methodology primarily conducted the evaluation of the number of di-

mensions of the set of items followed by a verification of quality of each item and then a valida-
tion of the dimensions and the verification of the suitability of Item Response Theory multiple
unidimensional models; compensatory multidimensional and bifactorial IRT. The dimensional

analysis of the original data set (75 items) was made through factor analysis method of restricted
information and the method of factor analysis of full information. In the first method, the num-
ber of dimensions observed was based on a tetrachoric correlation matrix and parallel analysis,

which was used to Psych Package (Revelle, 2012) implemented on software R (R Core Team,

Pesquisa Operacional, Vol. 36(3), 2016
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2012), because of its dichotomous responses, the dimensionality of the total set was also verified

through the full information method. The approach used is described by Bock & Aitkin (1981)
and Bock et al. (1988), in which the dichotomous items treatment and the estimation of the load-
ing factor is achieved by the technique called factor analysis of full information, implemented

on software R (R Core Team, 2012) in MIRT package (Chalmers, 2012) and flexMIRT software
(Cai, 2012). In this method, the number of dimensions was evaluated based on two information
criteria, the Bayesian Information Criterion (BIC) (Schwarz, 1978) and the Akaike Information

(AIC) (Akaike, 1973). The use of this method for determining the number of dimensions is
discussed by Bartolucci et al. (2012), Nylund et al. (2007) and Rost (1997) the suitability of
the bi-factor model and compensatory model of MIRT was evaluated based on AIC and BIC

information criteria. Table 1 shows the flowchart of the analysis and targets.

Table 1 – Flowchart of the analysis and targets.

Analysis Target

Tetrachoric correlation matrix Evaluation of the number of dimensions

Parallel analysis Evaluation of the number of dimensions

Factor analysis method of restricted in-

formation

Evaluation of the number of dimensions and Analysis

dimensional structure

Factor analysis method of full informa-
tion

Evaluation of the number of dimensions and Analysis
dimensional structure

Unidimensional model of two parame-
ters IRT

Assessment of the adequacy of the unidimensional
structure and multiple unidimensional structure

Multidimensional model of two param-

eters compensatory MIRT

Assessment of the adequacy of the multidimensional

structure of IRT

Bifactorial model IRT Assessment of the adequacy of the Bifactorial model

IRT

4 RESULTS AND DISCUSSIONS

The analysis of dimensionality phase revealed the complexity of an analysis of this nature. De-

pending on the statistical technique used for this analysis, the results can diverge in terms of the
number of dimensions. The analysis by the restricted information method suggested the existence
of 9 dimensions (Table 2). Meanwhile, the complete information method suggested the existence

of 3 dimensions (Table 3) while the parallel analysis technique indicated the existence of more
than three dimensions (Fig. 1).

Table 2 – Values specific to the tetrachoric correlation matrix.

Dimension 1 2 3 4 5 6 7 8 9 10

Eigenvalue 11.0 5.7 4.4 3.9 3.4 3.1 2.7 2.5 2.3 2.2

Accumulated proportion
14.6 22.2 28.0 33.3 37.8 41.9 45.5 48.8 51.9 54.8

of explained variation
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Table 2 indicates that the first eigenvalue is 11.0 which in a set of 75 items that represents 14.6%

of the total variations explained by the first factor or first dimension. This result brings evidence
that the construct should not be assumed to be unidimensional. In addition, if we use the criteria
of proportion of explained variance with > 50% we identify 9 dimensions. However, in the

IRT context, the percentage of variance accounted exceeds Reckase’s (1979) rule of 20% for an
item parameter to be considered stable. Taken together, it is reasonable to conclude that there
are at least two dominants factors; this is sufficient to satisfy the IRT assumption (Bortolotti

et al., 2013). Ventura et al. (2011) says that gold standard rules of thumb for deciding when a
response matrix is “unidimensional enough” or multidimensional for IRT modeling do not exist
(see Embretson & Reise, 2000), researchers generally seek a large ratio of the first to the next

eigenvalues (e.g. > 3 to 1). Thus, the ratio between the first and fifth eigenvalue have a value
> 3. The important criterion is whether if a dominant general factor running through the items
exists or not. The way of exploring this issue, as discussed by Reise et al. (2007) and others (e.g.,
Immekus & Imbrie, 2008), is through an adequate bi-factor model and comparing the results with

the unidimensional or multidimensional models (Ventura et al., 2011).

According to Chalmers (2012), the number of dimensions that generate a better adjustment to
the data can be verified by comparing models using a generic variance analysis (ANOVA) imple-
mented with the software R (R Core Team, 2013). The result returns the chi-square (χ2) based on

the test of verisimilitude, as well as the value AIC and BIC when comparing models. A compari-
son was made of nine models, the first assumed one dimension (Mod1); the second, two (Mod2);
the third, three (Mod3); the fourth, four (Mod4); the fifth, five (Mod5); the sixth, six (Mod6); the

seventh, seven (Mod7); the eighth, eight (Mod8); the ninth, nine (Mod9) dimensions. Table 3
presents the results.

Table 3 – Comparison of models of one, two, three and four dimensions.

χ2 Degrees of liberty p-value AIC BIC

Mod1 23049.49 23648.21

Mod2 542.489 74 < 0.001 22655.00 23549.09

Mod3 335.394 73 < 0.001 22465.61 23651.07

Mod4 219.207 72 < 0.001 22390.40 23863.25

Mod5 138.058 71 < 0.001 22394.34 24150.59

Mod6 –1848.45 70 < 0.005 24382.79 26418.44

Mod7 47.51 69 0.9775 24473.28 26784.34

Mod8 25.239 68 0.9999 24584.04 27166.52

Table 3 shows that, according to AIC, the best model is Mod4, since it has the lowest value of

the statistic; BIC indicates Mod2. These two criteria were already compared in various studies
(Dias, 2006; Nylund et al., 2007; McLachlan & Peel, 2000) and according to Bartolucci et al.
(2012), AIC eventually tends to overestimate the number of dimensions. Meanwhile, in some

cases, BIC can underestimate it.
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The parallel analysis method indicates the existence of 24 dimensions. This conclusion can be

verified in Figure 3 where the dotted line refers to the set of simulated data and the full line
represents the real data. Note that there are 24 eigenvalues above the dotted line.

Figure 3 – Result of the parallel analysis for the 75 items.

Thus, the equation for these diverging results was based on the empiric analysis of dimensions
and of the concepts of items associated to each one. Moreover, the number of dimensions defi-

nitions of the construct was based on the theoretical interpretation of each dimension in relation
to the items associated to it, resulting in a four-dimensional structure. In this analysis, 31 items
were identified that present commonality lower than 0.40 or factor loading less than 0.30; in all

dimensions, were assumed to be uninformative items to construct, therefore, they were excluded
from the analysis, leaving 44 items.

From a statistical point of view, these items are not correlated with other items, implying that
if the goal is to measure quality of websites, these items theoretically are not associated with

this goal. From a practical point of view, it can be seen that, in case of item 01, as discussed by
Tezza et al. (2011), in which the same item was evaluated and discarded in a unidimensional
construct, it may not feature a cumulative item. That is, the possibility of a pop-up opening for

interaction with the website user is seen in the literature as bad for the quality and confuse the
user (Storey et al., 2002; Petre et al., 2006; Nielsen, 2006). However, this feature is complex
because it involves commercial and technological maturity issues and it may indicate that this

feature purely evaluated as whether an opening pop-up window can or cannot evaluate linear or
cumulatively with the quality of a website.

Theoretically, the four dimensions revealed themselves to be associated to concepts of naviga-
bility or user conduction-orientation, accessibility and reliability of the system, interactivity and

presentation of information. These dimensions found in this work are related to the dimensions
mentioned most often in the literature and that are directly related with the definition of quality on
websites, which is a set of technical and non-technical characteristics of a web system, allowing
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the user to proceed to create their objectives on a website in an accessible, efficient and pleas-

ant manner. Technical characteristics are understood to be usability-navigability, presentation of
information, accessibility and interactivity of the system.

Based on the definition of a four-dimensional structure, an analysis of the multiple unidimen-
sional, the compensatory multidimensional and the bifactorial models began based on Item Re-

sponse Theory. The multiple unidimensional analysis, which subdivides the general set of items
into unidimensional subsets based on the dimensions defined in the factorial analysis, proves to
be more suitable than simply considering the unidimensional construct as a whole.

The unidimensional approach has some advantages and disadvantages. One advantage of a uni-

dimensional approach or a multiple unidimensional approach is the ease of analysis and repre-
sentation of the resulting scale. Nevertheless, one disadvantage of the supposition of unidimen-
sionality in a multidimensional construct is the fact that the result will be a linear combination

of the dimensions, which may not represent the reality. In addition, Ackerman (1991) shows that
the estimation of the parameters of IRT model using the unidimensional mode when the data are
multidimensional, tends to filter the dimensionality, that is, measuring a multidimensional ability

on a unidimensional scale tends to generate larger values of unidimensional discrimination. On
the use of a multiple unidimensional structure there is the inconvenience of generating different
k scales that are theoretically not comparable in terms of parameters as media and standard devi-

ation. This makes the joint analysis of all the items more difficult. The results of the parameter
estimation in the unidimensional models ModU1 (the factorial analysis first dimension), ModU2
(the factorial analysis second dimension), ModU3 (the factorial analysis third dimensions) and
ModU4 (the factorial analysis fourth dimension) can be seen in Tables 4, 5, 6 and 7, respectively.

Table 4 – Parameters estimation of difficulty and discrimination assuming

the unidimensional model of two parameters ModU1.

Item
Parameters

Discrimination Standard Error Difficulty Standard Error

57 1.77 0.26 1.16 0.13

58 6.68 3.79 0.80 0.20

60 1.93 1.01 –2.64 0.67

69 0.64 0.18 –1.52 0.39

71 1.00 0.29 –2.10 0.46

74 8.91 58.30 0.58 0.83

75 0.84 0.18 –0.59 0.16

The items parameters estimation in model ModU4, unlike those of the other 3 models, become

more instable than the estimation of the same items considering the general unidimensional
model.

In a unidimensional analysis it is common to eliminate the items with problems of estimation and
re-estimate the other items to verify if some change in the items of good quality exists, despite
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Table 5 – Parameters estimation of difficulty and discrimination assuming

the unidimensional model of two ModU2 parameters.

Item
Parameters

Discrimination Standard Error Difficulty Standard Error

3 1.25 0.43 –3.04 0.74

6 1.85 0.68 –2.30 0.51

12 0.76 0.22 –2.65 0.68

22 0.89 0.32 –3.85 1.16

23 1.32 0.34 –2.58 0.50

32 0.94 0.20 –1.59 0.30

33 2.58 0.69 –2.08 0.27

35 0.97 0.22 0.38 0.14

37 1.65 0.34 –1.47 0.20

40 0.68 0.17 0.20 0.16

43 1.25 0.60 3.54 1.18

45 1.07 0.23 –1.28 0.24

48 2.10 0.46 –1.47 0.17

56 2.07 0.64 –2.74 0.53

73 0.00 0.00 0.00 0.00

Table 6 – Parameters estimation of difficulty and discrimination assuming

the unidimensional model of two parameters ModU3.

Item
Parameters

Discrimination Standard Error Difficulty Standard Error

21 3.00 1.18 –1.85 0.25

24 9.10 505.90 –2.23 2.95

25 1.62 0.43 –2.39 0.45

46 1.39 0.32 –0.79 0.15

47 1.15 0.47 –3.86 1.36

52 1.10 0.26 –1.49 0.30

55 1.00 0.65 –4.09 2.44

59 0.96 0.37 –3.04 0.97

61 0.57 0.17 –0.51 0.25

64 1.31 0.93 –3.40 1.83

65 1.50 0.72 –3.22 1.08

70 0.86 0.21 0.65 0.18

assuming the independence between items. This analysis was conducted in the four models and
few variations were found in the estimates.

Meanwhile, the compensatory multidimensional model, in addition to proving to be statisti-
cally more suitable than the unidimensional model for this work, according to the analysis of
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Table 7 – Parameters estimation of difficulty and discrimination assuming

the unidimensional model of two parameters ModU4.

Item
Parameters

Discrimination Standard Error Difficulty Standard Error

5 0.01 2.09 –317.42 ****

8 0.00 0.00 0.00 0.00

10 0.55 0.17 –3.53 1.01

19 0.86 0.19 –1.60 0.32

27 0.68 0.17 0.65 0.21

28 1.18 0.28 0.77 0.16

29 1.34 0.22 1.43 0.20

30 1.91 0.39 –0.97 0.15

32 1.10 0.23 –1.68 0.30

35 0.67 0.17 0.33 0.18

38 1.24 0.24 –0.73 0.16

66 0.74 0.41 –5.81 2.86

Table 10, has greater possibilities for joint analysis, because it considers the construct as a whole

particularized in dimensions. This joint analysis allows generating a series of measures related to
the items, such as multidimensional discrimination, multidimensional difficulty and multidimen-
sional location. In addition to measuring on the same scale the proficiencies (degree of quality)

of the websites in each particular dimension.

Table 8 shows the estimation of the parameters of the 44 items using the compensatory Item
Response Theory multidimensional model by means of the flexMIRTTM software (Cai, 2012).

From this point of view, MIRT exceeds the unidimensional IRT due to the possibility of joint
analysis of each item and of each respondent in each dimension, and as a consequence it is

possible to identify the probability of possessing a certain characteristic in each website, based
on the estimated quality of the parameters of the items. The multidimensional model of IRT
offers great analysis and interpretations opportunities, nevertheless, these advantages result in an

increase of complexity, particularly by working analytically in the vector space, and therefore
with multiple geometric associations that are difficult to be visualized and interpreted in the
traditional analytical forms.

The basic difference between the bifactorial model and the compensatory multidimensional

model of IRT is that the first presents a general factor in which all the items are loaded and
other specific orthogonal factors are analyzed.

The bifactorial model most widely diffused in the literature is the confirmatory nature model.
Specific cases of exploratory analysis Jenrich & Bentler (2011) have been developed, although

their practical application is still limited. Thus, the approach adopted in this work was the con-
firmatory one. To do so, the definition of the number of dimensions and of the groupings of the
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Table 8 – Parameters Estimation of discrimination for each dimension and parameters of multidimen-

sional discrimination (MDISC), parameter of difficulty of scale (d) the parameter of multidimensional

difficulty (MDIFF) and its respective standard error (se) for the 44 items, assuming the multidimensional
model of two compensatory parameters.

Item a1 Se a2 se a3 se a4 se MDISC d se MDIFF

03 0.30 1.03 1.52 3.50 0.07 39.49 –0.040 54.53 1.55 4.07 1.24 –2.62

05 –0.32 22.88 0.28 31.36 –0.40 34.43 –0.880 20.25 1.06 5.23 9.19 –4.95

06 1.09 1.70 1.91 15.07 0.30 54.56 –0.250 64.98 2.23 4.62 1.76 –2.07

08 –0.14 0.59 0.15 39.66 –0.41 35.75 –1.210 16.01 1.29 0.81 0.32 –0.63

10 –0.12 0.67 0.65 41.81 0.06 19.93 1.140 23.05 1.32 2.08 0.53 –1.58

12 –0.13 0.78 1.03 42.84 0.87 42.55 –0.680 23.18 1.52 2.49 0.58 –1.64

19 0.67 0.81 0.90 28.51 0.51 14.99 0.920 23.47 1.54 1.46 0.48 –0.95

21 1.43 1.46 0.89 38.57 1.89 15.48 0.970 30.04 2.71 5.12 2.41 –1.89

22 0.56 0.98 0.82 32.96 0.57 34.70 –0.590 19.83 1.29 3.75 1.02 –2.91

23 0.55 0.90 1.08 18.07 0.59 17.63 0.610 28.72 1.48 3.55 0.66 –2.40

24 11.44 177.69 5.62 257.53 16.62 283.21 7.090 291.11 22.11 46.63 719.38 –2.11

25 0.39 1.62 –0.11 99.18 2.82 24.08 –0.980 79.36 3.01 5.57 2.82 –1.85

27 0.06 0.56 0.62 40.23 –0.16 17.11 1.010 26.64 1.20 –0.60 0.34 0.50

28 0.15 0.72 0.04 52.30 0.42 41.15 1.560 10.25 1.62 –1.35 0.44 0.83

29 0.47 0.68 0.37 49.02 –0.36 23.97 1.150 22.52 1.34 –2.03 0.46 1.51

30 0.76 0.88 1.01 39.26 0.78 20.63 1.290 23.39 1.97 1.35 0.58 –0.69

32 0.62 0.65 0.65 18.39 0.65 10.41 0.610 14.00 1.27 1.58 0.42 –1.25

33 0.92 1.29 2.29 32.29 1.24 58.78 –0.010 61.27 2.76 5.55 2.87 –2.01

35 0.10 0.45 0.64 22.48 0.10 10.49 0.640 21.77 0.92 –0.35 0.30 0.38

37 0.62 0.77 1.45 11.39 –0.10 31.66 0.260 56.15 1.60 2.36 0.56 –1.47

38 0.95 0.70 0.47 33.23 0.70 21.06 1.100 10.75 1.68 0.67 0.48 –0.40

40 0.15 0.50 0.90 17.42 0.05 14.72 0.490 32.63 1.04 –0.15 0.28 0.14

43 0.01 0.86 1.06 9.27 –0.18 23.78 0.160 43.42 1.09 –4.20 1.18 3.86

45 0.28 0.66 1.13 25.77 0.05 17.52 0.710 40.90 1.36 1.49 0.41 –1.09

46 0.53 0.77 0.49 32.04 1.32 19.01 1.02 22.69 1.82 1.24 0.50 –0.68

47 0.60 3.15 1.07 48.33 1.16 41.31 –0.58 22.02 1.78 5.19 3.09 –2.91

48 0.90 1.04 1.62 20.43 0.79 28.94 0.67 44.95 2.12 3.06 0.80 –1.44

52 0.61 0.64 0.47 19.32 0.95 7.59 0.46 14.58 1.31 1.73 0.44 –1.32

55 0.45 0.92 0.23 41.62 1.16 16.83 –0.43 24.72 1.34 4.40 0.87 –3.29

56 1.91 4.34 1.81 18.87 0.93 41.42 0.33 49.98 2.81 6.88 16.99 –2.45

57 –2.08 0.72 –0.14 30.90 1.17 2.99 –0.03 35.93 2.39 –2.41 0.68 1.01

58 –50.47 398.55 8.56 309.51 6.92 181.90 10.11 217.53 52.64 –41.73 332.82 0.79

59 0.38 0.99 –1.19 27.54 1.34 46.79 0.69 76.93 1.96 3.80 1.45 –1.94

60 –2.74 4.63 –0.46 70.45 0.05 61.38 1.92 21.13 3.38 7.25 13.39 –2.15

61 –0.75 0.53 –0.40 21.09 0.95 25.62 0.62 38.81 1.42 0.38 0.28 –0.27

64 0.71 1.75 –1.92 38.71 1.75 56.92 0.33 115.42 2.71 6.39 3.54 –2.36

65 0.26 3.79 –2.53 56.83 2.89 84.56 0.98 160.92 3.97 8.67 20.84 –2.18

66 1.01 1.19 –0.14 27.72 0.74 29.10 0.94 24.34 1.57 4.87 2.89 –3.10

69 –0.86 0.56 0.32 12.34 –0.47 18.09 –0.40 23.44 1.11 1.11 0.37 –1.004

70 –0.35 0.44 –0.10 17.00 0.82 13.87 0.43 25.20 1.00 –0.57 0.27 0.573

71 –1.02 0.56 0.46 9.67 0.46 7.56 0.25 9.91 1.24 2.23 0.39 –1.81

73 0.82 11.08 –3.37 70.10 2.36 86.72 –0.22 185.21 4.20 10.71 37.53 –2.55

74 –4.25 1.69 0.60 25.59 1.23 10.37 0.62 19.79 4.51 –3.05 1.27 0.68

75 –0.79 0.37 0.29 15.64 0.33 13.21 –0.24 6.18 0.94 0.51 0.23 –0.54
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items defined in the factorial analysis were adopted in this work, assuming as a general dimension

the quality of the commercial websites.

Table 9 shows estimates of the parameters of the bifactorial model, assuming the confirmatory
structure based on the dimensions found in the factorial analysis.

Table 9 – Estimate of the parameters of discrimination (a) for each dimension and in the general dimension
and parameter of scale difficulty (d) assuming the bifactorial model.

Item General a1 a2 a3 a4 d Item General a1 a2 a3 a4 d

3 0.531 0 0.374 0 0 2.116 43 0.277 0 2.097 0 0 –4.691

5 –0.483 0 0 0 –0.178 –0.178 45 0.627 0 0.274 0 0 0.793

6 0.755 0 0.676 0 0 2.342 46 0.999 0 0 0.584 0 0.69

8 –0.447 0 0 0 –0.839 0.538 47 0.672 0 0 0.402 0 2.591

10 0.522 0 0 0 0.747 1.293 48 1.089 0 0.722 0 0 1.79

12 0.106 0 0.831 0 0 1.418 52 0.709 0 0 0.253 0 0.956

19 0.948 0 0 0 0.021 0.832 55 0.388 0 0 0.741 0 2.519

21 1.804 0 0 1.104 0 3.364 56 1.31 0 0.321 0 0 3.426

22 0.233 0 0.73 0 0 2.2 57 –0.203 –1.064 0 0 0 –1.209

23 0.79 0 0.333 0 0 2.03 58 –0.513 –3.581 0 0 0 –2.966

24 6.115 0 0 4.418 0 12.924 59 0.243 0 0 0.9 0 1.925

25 0.385 0 0 0.997 0 2.252 60 –0.045 –1.175 0 0 0 2.986

27 0.482 0 0 0 0.151 –0.332 61 0.102 0 0 0.495 0 0.161

28 0.632 0 0 0 0.567 –0.768 64 0.12 0 0 1.796 0 3.903

29 0.505 0 0 0 0.218 –1.074 65 0.102 0 0 2.676 0 5.447

30 1.286 0 0 0 0.428 0.822 66 0.69 0 0 0 –0.155 2.572

32 0.805 0 0 0.068 0 0.916 69 –0.324 –0.387 0 0 0 0.616

33 1.146 0 1.127 0 0 3.182 70 0.228 0 0 0.411 0 –0.337

35 0.456 0 0.412 0 0 –0.233 71 0.051 –0.635 0 0 0 1.253

37 0.597 0 0.648 0 0 1.317 73 –0.103 0 –0.694 0 0 3.168

38 0.953 0 0 0 0.151 0.353 74 –0.253 –2.751 0 0 0 –1.829

40 0.519 0 0.076 0 0 –0.103 75 –0.091 –0.509 0 0 0 0.296

In the bifactorial structure it is possible to verify to what degree the items are associated to the
general factor, which in this case, is represented as the quality of a website. Analyzing the val-

ues of the loading parameter associated to the general factor, it is found that most of the items
identified in the previous model as characteristics of the requirements of the system, such as
accessibility, present a low load in the general factor, and in addition, some present a negative

load, such as, items 57, 58, 60, 69, 74 and 75, this mathematically reflects the negative loading
visualized both in the secondary factors and in the compensatory multidimensional model. Nev-
ertheless, if we verify the secondary loadings in these items, there is a uniformity of the intensity
and the direction of the parameters, and it is thus possible to indicate what inherent characteristics

of the system have an orientation different from the characteristics associated to the organization
of the information or direct navigation, and can then represent orthogonal or non-compensatory
characteristics and that cannot be treated as part of a general factor. In particular, the fact that

the bifactorial model assumes the orthogonality between the secondary dimensions and of those
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in relation to the general factor, limits the suitability of this model to the construct that clearly

possesses a general factor ortohgonal to the other subdimensions, which is not the case of the
construct in question. Whereas, it is found that the quality of commercial websites is not a char-
acteristic that can be represented by a general dimension orthogonal to the other subdimensions,

at least not for the construct developed in this study. Thus, the comparison of these three models
suggests that quality of commercial websites is a non-unidimensional characteristic that can be
divided into four compensatory dimensions.

The suitable version of the bifactorial model of IRT in relation to the compensatory model of

MIRT, both assuming four dimensions, was evaluated based on BIC and AIC information criteria,
Root Mean Square Error of Approximation (RMSEA) and statistical error M2. The results can
be seen in Table 10.

Table 10 – Comparison between the unidimensional, multidimensional models of two com-

pensatory parameters and of the bifactorial model based on the AIC and BIC, RMSEA and
M2 information criteria.

Model
Log of maximum

AIC BIC RMSEA M2
verisimilitude

Unidimensional Model 13826 14002.7 14362.6 0.07 2844.39

MIRT Model 12616 13016.1 13833.9 0.04 1405.22

Bifactorial model 13200 13464.1 14003.8 0.05 1937.95

It can be seen in Table 10, that in both the AIC and the BIC criteria, the compensatory multidi-
mensional model in four dimensions (MIRT), had lower values than the bifactorial model and the
unidimensional model, which indicates that this model is more suitable to the data than the bi-
factorial and unidimensional model. This verification is confirmed by RMSEA, which indicates

a lower error for the MIRT model. The statistical error M2, available in the flexMirt software
and discussed by Joe & Maydeu-Olivares (2010) and Liu & Maydeu-Olivares (2012), is similar
to the chi-squared statistic and has been widely used in the verification of IRT models, given

that, the lower its value, the more adjusted is the model in comparison to others. In this way, M2
indicates that the compensatory MIRT model is the most suitable of the three studied models.

As a practical interpretation of the multidimensional model of MIRT to four dimensions, Table 11
shows the estimate of the ability of the 4 first websites analyzed, in the normal scale N(0; 1),

that is, an average of zero and variance of one.

We verified that the first website has a greater command of the items related to information
presentation, thus requiring improving its quality, mainly in terms of user control or interactivity,
which had below average control. On the website number 002, one can verify that there is a good

command of system accessibility-reliability, but there was a need for improvement in terms of
requirements of control partially by the user-interactivity and information presentation.
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Table 11 – Degree of multidimensional quality estimate of the 4 first websites of the

sample based on the multidimensional model of two compensatory parameters.

Website
User orientation

Accessibility User control
Presentation

during navigation
and reliability or user interaction

of information
of the system with the system

001 0,105 0,130 –0,864 0,677

002 0,367 0,524 –0,753 0,040

003 –0,887 –0,328 –0,557 0,525

004 0,782 0,324 –0,879 0,314

5 FINAL CONSIDERATIONS

In general, this work verified the viability of the use of Item Response Theory in the organiza-
tional context. The main contribution of this article is the consideration of the multidimensional

structures, which is common in organizational evaluations. It was evident that in this applica-
tion, that the unidimensional model (non-hierarchical structures) is not always the best choice.
This mainly depends, on the nature of the items and on the characteristics of the respondents. A

deeper analysis of each element is thus necessary.

This study also verified the unsuitability of the use of a general unidimensional model or of a
multiple unidimensional model (both non-hierarchical structures), which utilizes unidimensional
models to try to represent the general construct in the question – quality of e-commerce websites.

The multidimensional model suitability of two compensatory parameters (non-hierarchical struc-
tures) was then found, as an additional analysis, based on the compensatory multidimensional
model, the data adjustment to the bifactorial confirmatory model (hierarchical structures) was

verified. This analysis showed that statistically, the multidimensional model, non-hierarchical
structures aggregates more information to the construct when compared to the bifactorial model,
hierarchical structures and to the unidimensional model. In this way, it is found that the bifac-

torial model does not represent more information to the construct requiring a possibly different
approach than that considered in this work.
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Appendix

Item Description of the item Source

01 When opening the homepage do pop-up windows open? Storey et al. (2002);

Petre et al. (2006);
Tezza et al. (2011)

02 Does the homepage present the site’s main content areas (nav-

igation)?

Nielsen (2000)

03 Does the homepage make clear what the site does (demonstrate

the main products and or a brief description of its objective and
or benefits that it offers), without needing the roll-bar?

Nielsen (2000)

04 Does the homepage present a summary of the most important

sales?

Nielsen (2000)

05 Does the site have moving images that can distract the user? Colesca (2007)

06 Do the links for sales go directly to the sale announced? Nielsen (2000)

07 Are the menus in alphabetical order? Olsina et al. (2001)

08 Does the site have a cascade menu? Nielsen & Loranger (2006)

09 For navigation, is there a track on the left or links on top of the
page?

Nielsen & Tahir (2002)

10 Are sub-categories grouped? Nielsen & Tahir (2002)

11 Does the title of the window (browser) list the name of the site
in the first place?

Nielsen & Tahir (2002)

12 Are there information for telephone contact or an address? Nielsen (2000);

Nielsen & Tahir (2002);

13 Do the page have a consistent visual appearance, that is do they

always have the same visual appearance?

Aladwani & Palvia (2002);

Ferreira & Nunes (2008)

14 Does the site have the option to access it in other languages? Colesca (2007)

15 Do the clickable words (in color or underlined) have a distinct

form when selected?

Nielsen & Loranger (2006)

16 Do the field labels begin with a capital letter, and are the re-
maining letters in lower case?

Aldwani & Palvia (2002)

17 Are the titles aligned to the left? Inkpen et al. (2006)

18 Are text paragraphs separated? Zerfass & Hartmann (2005)

19 Are apparently clickable words in fact clickable? Nielsen (2000)

20 Are the title for screens, windows and dialog boxes on top,

centered or left justified?

Inkpen et al. (2006)

21 Do all the pages have a search field? Nielsen (2000)

22 When there is rolling, are there design elements (in the initial

screen) thaat appear with end of page markers?

Nielsen & Loranger (2006)

23 Does the company logo in the upper left corner on all the site
pages?

Roth et al. (2010)

24 Is there a link with a single click that leads to the homepage? van der Merwe & Bekker (2003)
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Appendix – continuation

Item Description of the item Source

25 Does the site allow navigating its pages in only one window, that
is, there is not opening of new windows in amid the navigation?

Nielsen & Loranger (2006);
Tezza et al. (2011)

26 Are there different colors for previously visited links? Nielsen & Tahir (2002)

27 Is there a list of frequently asked questions – FAQs? Colesca (2007);
Hernández et al. (2007);

Tezza et al. (2011)

28 When entering search terms in the search field does the search
engine offer suggestions?

Long & McMellon (2004)

29 Is the search system flexible in relation to the terms used by the
user, that is, if the user types a term incorrectly, does the search

system suggest a correction?

Agner (2012)

30 Do the search results allow classification by other criteria in ad-
dition to cost?

Nielsen (2000);
Tezza et al. (2011)

31 Do long lists present indicators of communication, number of
items and pages?

Nielsen & Loranger (2006);
Tezza et al. (2011)

32 Are page continuation items visible? Agner (2012)

33 Is the price of a product next to the image or link for the product? Hung & McQueen (2004)

34 Is it possible to expand the photos of products to visualize de-
tails?

Novikova (2009);
Nielsen & Loranger (2006);

Tezza et al. (2011)

35 In products in which there is more than one perspective, is it

possible to visualize all the perspectives?

Nielsen & Tahir (2002);

Tezza et al. (2011)

36 Are the groups of command buttons available in the column to
the right, or on a line below the objects to which they are associ-

ated?

Inkpen et al. (2006)

37 Is there sufficient information about the products (size, basic

characteristics)?

Signore (2005)

38 Is there a way for consumers to provide to insert feedback about
the products?

Agner (2012)

39 Are there background images for the text? Nielsen & Tahir (2002)

40 Does the site present related products at the end of the page? Nielsen (2000)

41 Is there an option to share the page on social networks? Agner (2012)

42 Is there an on-line help option? Hernández et al. (2007)

43 Does the site have multimedia for product presentation? Aladwani & Palvia (2002)

44 Does the company offer a free service, such as free shipping? Nielsen & Tahir (2002)

45 Is there an indication that the site is safe at the time of making
the purchase?

Nielsen & Tahir (2002)

46 When filling in the forms, can the user visualize the next steps in

the interface?

Nielsen (2000)
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Appendix – continuation

Item Description of the item Source

47 Does the site have other payment forms in addition to a credit

card?

Yoo & Donthu (2001);

Hung & McQueen (2004)

48 Is it possible to know the total cost before registering (including

shipping costs)?

Nielsen & Loranger (2006)

49 Are the fields used for the forms to be filled in by the user
grouped linearly, avoiding unnecessary spaces?

Inkpen et al. (2006);
Tezza et al. (2011)

50 When filling in a form, are options that are not valid or not avail-
able visibly deactivated to avoid errors?

Nielsen (2000)

51 When filling in a form, is information provided about how to

complete the form?

Cybis (2007);

Nielsen & Loranger (2006);
Tezza et al. (2011)

52 Are required data differentiated from optional data in a visually
clear manner?

Cybis (2007);
Nielsen & Loranger (2006)

53 Is it possible to make a purchase without registering (which in-

cludes user name and password)?

Nielsen & Loranger (2006);

Tezza et al. (2011)

54 Does the system provide audio signals when there is a problem

with the data entered?

Nielsen & Loranger (2006);

Tezza et al. (2011)

55 Are the error messages free of abbreviations and or codes gener-
ated by the operating system?

Cybis (2007)

56 Can any user action be taken back with the UNDO or BACK
option?

Nielsen & Loranger (2006);
Tezza et al. (2011)

57 Does all the non-textual content that is presented to the user have

an alternative in text form that serves an equivalent purpose?

W3C (2008)

58 Can the information, structure and relations broadcast through

the presentation be determined in a programmatic form or are
they available in the text?

W3C (2008)

59 Is there another visual form of presenting information, beside

color, to indicate an action, request a response or distinguish a
visual element?

W3C (2008)

60 Does the visual presentation of text and images have a relation
of contrast of at least 4.5:1?

W3C (2008)

61 Except for captions and text images, can the text be resized up

to 200 percent without support technology, and without losing
content or functionality?

W3C (2008)

62 Does the visual presentation of text and images have a contrast
ratio of at least 7:1?

W3C (2008)
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Appendix – continuation

Item Description of the item Source

63 Are all the content functions operable through a keyboard inter-

face without a need for any space of time between each indi-

vidual item entered, except when the subjacent function requires
entering data that depends on the sequence of actions by the user

and not only on final points?

W3C (2008)

64 For each time limit defined by the content, is there control by the
user?

W3C (2008)

65 For information in movement, in an intermittent mode, in shift-
ing or automatic updating, is there an option for user control?

W3C (2008)

66 Is a mechanism available to ignore blockages of content that are

repeated on various Web pages?

W3C (2008)

67 Do the Web pages have titles that describe the topic or finality? W3C (2008)

68 Can the finality of each link be determined based only on the

text of the link or based on the text of the link together with
the respective context of the determined link in a programmatic

form, except when the finality of the link is ambiguous for users
in general?

W3C (2008)

69 Do the headers and the tags describe the topic or the finality? W3C (2008)

70 Can the pre-defined human language for each Web page be de-
termined in a programmatic manner?

W3C (2008)

71 Does changing the definition of a component of the user inter-
face automatically provoke a change of context, at least when

the user has been warned about this situation before using the
component?

W3C (2008)

72 Are the components that have the same functionality in a set of

Web pages identified in a consistent manner?

W3C (2008)

73 If an input error is automatically detected, is the item that has the

error identified and is the error described to the user in text?

W3C (2008)

74 Are labels or instructions provided when the content requires in-
putting data by the part of the user?

W3C (2008)

75 In the content implemented using languages for marking, do the
elements have complete marks at the beginning and end, are the

elements fit according to the respective specifications, do the el-
ements have duplicated attributes, and are all the IDs exclusive?

W3C (2008)
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